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Stages in Astronomy Experiments

Stage How Example Considerations
OBSERVE Carefully Experiment desi?n, What? Number
exposure time (S) of objects, Type? (S)
REDUCE Algorithms calibration files data uali%
QE,RMF,ARF,PSF (S) Signal-to-Noise (S)
ANALYSE Parameter Intensity, positions Frequentist
Estimation, (S) Bayesian?
Hypothesis
testing (S) (S)
CONCLUDE Hypothesis Distribution tests, Belivable,
testing (S) Correlations (S) Repeatable
Understandable? (S)
REFLECT Carefully Mission achieved? The next

Statistics,

A better way?
We need more data!

(S

Aneta Siemiginowska

Observations (S)

Wall & Jenkins (2003)

4" International X-ray Astronomy School

Cambridge, August 15-19, 2005
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PhystatO5 Highlights

MKU

(yet anOther) ChrOnOlOgy (from S. Andreon’s web

page)

Homo apriorius establishes probability of an hypothesis, no matter what
data tell.

Homo pragamiticus establishes that he is interested by the data only.

Homo frequentistus measures probability of the data given the
hypothesis.

Homo sapiens measures probability of the data and of the hypothesis.
Homo bayesianis measures probability of the hypothesis, given the data.



